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[Function Adam fa, 8, B, F(6), 85, mg. vo. )
Input: & Step-size
Input: §,, 6, € [0,1) Exponential decay rates for the moment estimates

Input: f(8) Stochastic objective function with parameters 6
Input: 8, Initial parameter vector
my 0 Initialize 1 moment vector
vy« 0 Initialize 2™ moment vector
te0: Initialize time-step
Output: 6, Resulting parameters
while 6, not converged do

tet+1
gt~ Vofe(8e-1) Get gradients w.r.t stochastic objective at time-step ¢
my = By Xme_y + (1= ) % g Update biased first moment estimate
v By X v+ (1— ) x g Update biased second raw moment estimate
Compute bias-corrected first moment estimate
Compute bias-corrected second raw moment estimate
Update parameters
end while
Return 6, Resulting parameters
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Function nextWindow(x, metadata, yyreq):
Input: x 2D array containing active load, weather forecast. and time data

Input: metadata 2D array containing weather forecast and time data for the next time-step
Input: y, 0 1D array containing predicted active load for the next time-step

Output: The next window

x « inverse_transform(x)

Yprea + inverse_transform(¥prea)
neXtpoyr — Yprea U metadata

Transform scaled data to original scale

Transform scaled prediction to original scale
Concatenate prediction and forecast data to create data
for the new time-step

x & x Unextyg,, Concatenate x with the newly created time-step

x « shift_ window (x.1) Shift window one time-step

Return: x New window
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